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layer description score

location_traffic_convenience �Y�� 73.91% 
location_distance_from_business_district TI&EXW 76.92% 
location_easy_to_find ?#,>-8 30.13% 
service_wait_time :^=] 81.82% 
service_waiters_attitude @ �A2N 95.92% 
service_parking_convenience ?#,>�U 12.50% 
service_serving_speed FN/�NZN 60.87% 
price_level �B 72.22% 
price_cost_effective 3�D 86.67% 
price_discount 9T�N 100.00% 
environment_decoration P� 96.97% 
environment_noise DA4� 91.90% 
environment_space L`K] 36.70% 
environment_cleaness !G4� 90.52% 
dish_portion �\ 30.51% 
dish_taste "% 99.14% 
dish_look *Q 100.00% 
dish_recommendation ;MJN 97.73% 
others_overall_experience �� 98.47% 
others_willing_to_consume_again �CERH5S 98.80% 
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Hongwei Wang, Fuzheng Zhang, Jialin Wang, Miao Zhao, Wenjie Li, Xing Xie, Minyi Guo, RippleNet: Propagating User Preferences on the Knowledge Graph for Recommender 
Systems, the 27th ACM International Conference on Information and Knowledge Management (CIKM 2018), Turin, Italy, Oct. 2018
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S^3-Rec: Self-Supervised Learning for Sequential Recommendation with Mutual Information Maximization—
CIKM2020 
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通用搜索列表

关于“辣”的推荐理由

美食筛选列表

基于用户个性化的理由

热搜榜上榜理由

基于信息聚合的上榜理由

场景决策搜索

“带娃吃饭”场景下的细分理由
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商户质量过滤 商户星级>3星，非敏感类目

实体识别 Entity: 用餐氛围、海鲜拼盘、姐妹聚会

观点挖掘 Opinion: 氛围-安静、味道-不错、聚会-不错的选择

情感分析过滤 Sentiment score (>0.5): 0.69,0.88,0.62,0.34

质量分模型 Quality score (>0.42): 0.83,0.91,0.56

有推
荐菜

无语
气词 描述词 有普通评价词

高级
评价词

程度
副词 成语情感分 评论分 文本分 观点 实体

TF分 ⋯⋯

1 1 1 0 1 1 0 0.88 31.77 0.375 1 0.07

“用餐氛围比较安静，海鲜拼盘味道很赞，跟姐妹聚会不错的选
择，不过价格有些偏贵”

“海鲜拼盘味道很赞”

��

理由池

�	
��	� %�C' �&#$

Query User

������	� 
�	���	�
“用餐氛围比较安静”

“海鲜拼盘味道很赞”

“姐妹聚会不错的选择” “海鲜拼盘味道很赞”
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