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Bi-Classifier Adversarial

There exist two popular paradigms to conduct
adversarial domain adaptation either by constructing

Supervision loss:
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classifiers. As for the second paradigm, the selection =l 1=1Jj=1
g 5 Adversarial CDD loss:

of classifier discrepancy loss between two task- n, n,

specific classifiers is critical for expected adaptability. 1 o1
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Classifier Determinacy Disparity

Given p4 and p, as the bi-classifier softmax outputs,
we investigate the classifier discrepancy by Bi-

classifier Prediction Relevance Matrix A: A= plpg.
Therefore, we define the CDD loss as:
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F(pl' pZ) — 2 Ay — 2 Apm = z Apn
m=1

mn=1 m+n

* Non-negative;

* ['(pq,p2) = 0iff. py = P, and each of the :"“"P-?; % R L Ce
probabilistic output is one-hot vector; OGS RS AT N
* Symmetric; 7 T AP

e Satisfies triangle inequality.

D5 PEPXERFZEFIER

ABA: HiEtRX



	幻灯片编号 1

